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Abstract
In previous studies of young subjects performing a reaction-time reaching task, we found
that faster reaction times are associated with increased suppression of beta power over pri-
mary sensorimotor areas just before target presentation. Here we ascertain whether such
beta decrease similarly occurs in normally aging subjects and also in patients with Parkin-
son’s disease (PD), where deficits in movement execution and abnormalities of beta power
are usually present. We found that in both groups, beta power decreased during the motor
task in the electrodes over the two primary sensorimotor areas. However, before target pre-
sentation, beta decreases in PD were significantly smaller over the right than over the left
areas, while they were symmetrical in controls. In both groups, functional connectivity be-
tween the two regions, measured with imaginary coherence, increased before the target ap-
pearance; however, in PD, it decreased immediately after, while in controls, it remained
elevated throughout motor planning. As in previous studies with young subjects, the degree
of beta power before target appearance correlated with reaction time. The values of coher-
ence during motor planning, instead, correlated with movement time, peak velocity and ac-
celeration. We conclude that planning of prompt and fast movements partially depends on
coordinated beta activity of both sensorimotor areas, already at the time of target presenta-
tion. The delayed onset of beta decreases over the right region observed in PD is possibly
related to a decreased functional connectivity between the two areas, and this might ac-
count for deficits in force programming, movement duration and velocity modulation.
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Introduction
Extensive work with electroencephalographic (EEG) scalp recordings has shown that, in nor-
mal subjects, power in the beta range (13–30 Hz) changes both during motor performance -
with different types of paradigms and effectors - and during imagery [1,2,3,4,5,6]. In particular,
in electrodes over the primary sensorimotor areas, beta power starts decreasing around move-
ment onset and reaches floor values during movement execution (see [7] for a recent review).
This decrease of beta power has been also termed event-related “desynchronization” (ERD)
since it likely originates from decreased levels of synchronous activity in the underlying neural
substrates [8]. The recent finding that lower levels of beta power before the target appearance
correspond to shorter reaction times [9] further suggests that the faster is the disengagement
from the beta “idle” state, the faster are target processing and movement planning. Therefore,
the decrease of beta power in that temporal window, over a network that includes the primary
sensorimotor areas, likely reflects the engagement of top-down mechanisms related to the at-
tentional and working memory processes that are needed to promote fast and efficient re-
sponses [9,10,11].
Parkinson’s disease (PD) is associated with deficits of working memory and attention that
are related to movement planning and execution [12,13,14]. Importantly, beta power seems to
be altered in PD. In fact, recordings of local field potentials from the basal ganglia have consis-
tently shown an increased background power in the beta range that is partially linked to disease
duration and the severity of bradykinesia [15,16], although it can be suppressed by levodopa
treatment or deep brain stimulation [15,17,18,19,20,21]. These results, together with recent
MEG findings that beta desynchronization during movement is reduced in PD compared to
controls [22], suggest that the mechanisms leading to suppression of cortical beta synchroniza-
tion during movement planning are impaired in PD. Whether the PD deficit in cortical beta
modulation, especially over the sensorimotor areas, corresponds to abnormalities in movement
preparation processes remains to be determined. In addition, it is not known whether the two
hemispheres play different roles, especially considering that the two motor cortices might par-
ticipate in different aspects of motor control [23]. Indeed, scalp EEG studies with voluntary
arm movements in PD have focused mostly on modulation of the mu rhythm and post-move-
ment beta increases [24,25,26,27], leaving these questions unanswered. Thus, in the present
work, we investigated the early changes of beta power activity preceding reaching movements
performed with the right dominant hand, in a choice-reaction time task [9]. With high density
(hd) EEG, we examined beta oscillations in the time window around the target presentation, in
two areas centered on C3 and C4. With this approach we determined, first, the pattern of early
changes of beta power over both sensorimotor areas and inter-hemispheric coherence in nor-
mally aging subjects; second, whether patients with PD show the same activity pattern as age-
matched controls. Finally, we verified whether such EEG signatures are associated with reac-
tion time and other kinematic characteristics in both controls and patients.
Materials and Methods
Subjects
Fourteen patients with PD (mean age SD: 61.7 9.8 years; range from 54 to 71 years; four
women) and fourteen age-matched normal subjects (mean age SD: 62.3 5.9 years; range
from 54 to 70 years; five women) participated in the study. The patients had a diagnosis of “clini-
cally probable” idiopathic PD and were treated with dopaminergic therapy. Hoehn-Yahr stage,
UPDRS-III scores, disease duration and the clinically most affect side (determined by UPDRS-III
scores) are reported in Table 1. Patients with predominantly left side signs had similar Hoehn-
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Yahr stage, UPDRS III scores, disease duration and therapy to those with predominantly right
signs (all: p>0.2). In patients, testing occurred while they were on drug, after their morning dose.
During the entire testing, which lasted for less than one hour, patients’ performance was stable
without signs of wearing off or dyskinesiae. Subjects in the control group had no history of neuro-
logical or psychiatric disorders. All patients and controls were right handed, as determined by
the Edinburgh inventory [28], had normal or corrected vision and had a Mini-Mental State Ex-
amination score higher than 26.
Ethics Statement
The experiments were conducted with the approval of the Institutional Review Boards of the
New York University and the City College of New York, according to the principles expressed
in the Declaration of Helsinki. All participants signed a written informed consent form.
Experimental setup and task
Subjects were outfitted with a 256-electrode cap for hd-EEG recordings, sat in front of a com-
puter screen, and performed a simple reaching motor task, RAN, which has been used previ-
ously and described in detail elsewhere [9,29]. Briefly, they moved a cursor with their right
hand on a horizontal digitizing tablet (sampling rate 200 Hz). They were asked to perform fast,
uncorrected, straight out-and-back movements from a central starting point to one of eight ra-
dially arrayed targets (distance 4.0 cm, 45° degrees apart) displayed as circles (1 cm radius) on
the screen. Targets were presented in a random order every 3 s in three “blocks” of 32 move-
ments each. Each target presentation time was 400 ms. After each block, subjects rested for
about a minute. As previously reported [12,29], several spatial and temporal indices were mea-
sured for each movement. In particular, we computed: reaction times (time from target appear-
ance to movement onset); amplitudes of peak velocity and acceleration; movement time (time
from movement onset to reversal); path length (from onset to reversal). Between-group com-
parisons for kinematic variables were performed with one-way ANOVA (alpha = 0.05).
Table 1. Patients’ characteristics.
Gender Hoehn&Yahr Stage UPDRS III Scores PD Duration (yrs) Most Affected Side*
1 F 2 22 13 L
2 M 2 18 5 R
3 M 2 18 3 R
4 M 2 17 4 R
5 M 2 24 6 R
6 M 2 20 9 L
7 M 1 13 2 R
8 F 1 4 1 R
9 F 3 19 10 R
10 M 1 11 2 L
11 M 2 20 8 L
12 M 1 13 5 R
13 F 2 17 8 L
14 M 2 18 4 L
* as determined by the UPDRS scores
doi:10.1371/journal.pone.0114817.t001
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EEG recording and signal processing
Continuous EEG signals were acquired during the entire session with a 256-channel EEG Geo-
desic Netamps system (Electrical Geodesics Inc, Eugene, Oregon). The EEG signals were re-
corded with a sampling frequency of 1000 Hz and were subsequently down-sampled to 250 Hz
and bandpass filtered between 0.5 Hz-80 Hz, with a notch filter centered at 60 Hz. Recording
reference was at Cz (vertex of head) and impedances were kept below 50 KOhm. The electrodes
in the outermost circumference (chin and neck) were excluded and analysis was performed on
the remaining 183 electrodes. The EEG data were processed and analyzed by MATLAB-based
custom scripts and the following toolboxes: EEGLAB [30] for data preprocessing including In-
dependent Component Analysis (ICA), and FieldTrip [31] for time-frequency analysis and sta-
tistical comparisons.
Preprocessing
Channels affected by bad scalp-electrode contact were visually identified and replaced with
spherical spline interpolation. EEG was segmented into epochs aligned on the time of the target
appearance and lasting from −2 to 2.5 s after the target appearance. Importantly, the choice of
this long epoch was done in the preprocessing stage to allow for different analyses to be per-
formed on the same dataset. For the analysis performed after preprocessing in this specific
study, we selected the interval of interest from −600ms to +600ms with respect to target ap-
pearance. Epochs containing sporadic artifacts (abnormal tension bursts, cough or similar)
were rejected by visual inspection. The number of epochs excluded was similar in the two
groups (controls: 2.1 3.5; PD: 1.6 2.9; t-test: p = 0.64). Stereotypical artifacts, such as
blinks, heartbeat, eye movements and muscle tension, were removed by Independent Compo-
nent Analysis (ICA; [32,33]), based on a well-established procedure previously detailed [34],
now extensively used in EEG analyses.
Selection of Regions of Interest
The main aim of this work was to define the dynamic of beta power changes during movement
planning in both normal subjects and patients with PD on electrodes overlaying the right and
left sensorimotor areas, mainly represented by C3 and C4. The use of hd-EEG allowed us to
identify, for each subject, the electrodes closer to C3 and C4 that had the lowest value of beta
power during movement execution, with the constraint of it being posterior to Fz and anterior
to Pz. Thus, for each subject, we defined the region of interest (ROI) as the peak electrode and
its six immediate neighbors, one on the Left and the other on the Right of Cz. The parameters
used for computation of the time course of beta power changes are described in the following
section. For the purpose of ROIs identification, we computed time-frequency representations
for each channel, as described in the next paragraph; for each subject, we averaged all the trials
and selected the negative peak electrodes as described above.
Time-Frequency Analysis
The time varying spectral content of the EEG data was estimated using a Short-Time Fourier
transform with a Hanning window of variable width, fitting a fixed number of cycles of the an-
alyzed frequency and a 16 ms step size. We analyzed frequencies from 13 to 30 Hz in steps of
1 Hz, using seven cycle windows. The power estimates were then averaged over the entire beta
range and log-transformed. For each participant, beta power was then normalized by subtract-
ing the average power of a baseline interval chosen from 600 to 300 ms before the target pre-
sentation. First, we determine whether, in the control group, normalized beta power around
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the time of target presentation was similar in the right and left electrodes, by comparing the
power of the two ROIs in the time interval from 200 ms before target presentation until 200 ms
after target presentation. We used paired t-tests for each 16-ms bin and corrected for multiple
comparisons. We repeated the same analyses in the data obtained in patients with PD. Since in
patients with PD we found significant ROI power asymmetry in the 200-ms interval before tar-
get presentation, we computed the differences between the two ROIs in that time interval in
both groups. We then used unpaired t-tests to further explore differences between control and
patient groups. Finally, to assess whether reaction time was related to the degree of beta
changes, we computed Pearson correlation coefficients between reaction time and normalized
beta power in the time interval showing significant differences in the previous analysis.
Connectivity Analysis
We computed spectral coherency [35,36] as estimate of connectivity between the two ROIs in
the beta range. Coherency between two signals is defined as the normalized cross-spectrum
(for extended formulas, see, for example, [37,38]). The absolute value of coherency is often
used to quantify the strength of functional connections. However, this measure makes no dis-
tinction between instantaneous and truly time-delayed correlation and is hence dominated by
effects of volume conduction when applied to EEG data. For this reason, we decided to focus
our analysis on the imaginary part of Coherency only (ImCoh), as suggested by a number of
authors [37,39,40]. ImCoh is systematically different from zero only for nonzero phase lags.
Computation of coherency is based on the same Short Time Fourier transform used for the
power analysis described in the previous paragraph. Complex coherence values for each time
point in the beta range were obtained as the normalized cross-spectrum and ImCoh was ex-
tracted by selecting the imaginary part of such estimates. ImCoh for each subject was then nor-
malized by subtracting the average value of the baseline interval (the baseline period was the
same as in the time-frequency analysis [−0.6 to −0.3s] before visual stimuli). Movement-related
ImCoh changes of the two groups were then compared by nonparametric unpaired t-test with
Bonferroni correction. We finally used Pearson correlation coefficients between movement




In general, movement trajectories of patients and controls were essentially straight with sharp
reversals and out-and-back overlapping strokes. In both groups, the velocity profiles of the out-
going movements were mostly single-peaked and, on average, bell-shaped with clear accelera-
tion and deceleration phases. As expected for ballistic movements, peak velocity, peak
acceleration and movement times were highly correlated both in combined and separate group
analyses (all correlations: r always>0.80, p< 0.0001). Fig. 1 reports the means of several kine-
matic measurements, including reaction time and movement duration. On average, reaction
time was similar in patients with PD and controls (F(1,24) = 0.03; p = 0.85). However, move-
ment duration of patients was significantly longer (F(1,24) = 11.79, p = 0.002) and the peak
of acceleration and velocity was reduced compared to controls (F(1,24) = 17.79, p = 0.0003;
F(1,24) = 18.08, p = 0.0003). Similarly, path length was slightly shorter in PD patients com-
pared to controls (F(1,24) = 5.54, p = 0.027). Importantly, there was no significant difference
between the performance indices of patients with more severe right or left symptoms (p>0.3
for all comparisons, see Fig. 1).
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In controls, beta power changes over motor areas are symmetrical
EEG data of three control subjects were excluded from the analyses because of technical prob-
lems during the recording. To characterize the time courses of normalized beta power changes
over the two ROIs, for each subject, we selected the six electrodes for each area where move-
ment-related beta desynchronization was maximal, as described in the methods. We then com-
puted the time courses of beta power changes in these two regions for each subject and
averaged them across subjects. The average results for the control group are presented in
Fig. 2A. Briefly, we found a decrease in beta power over both ROIs that started before the target
appearance, reaching a minimum during movement execution. Importantly, the two ROIs had
overlapping time course throughout the motor task without any significant difference (Fig. 2A,
all bins p>0.05).
We then measured the connectivity in the beta range between the two motor ROIs during
the motor task, using the imaginary part of coherence. As shown in Fig. 2C, we found that,
compared to a baseline, imaginary coherence values increased starting about 200–300 ms be-
fore the target presentation and reached a plateau that remained stable during the reaction
time period and for most of the movement duration.
In patients with PD beta power changes over motor areas are not symmetrical
In patients with PD, like in controls, the changes of beta power started before movement onset
(Fig. 2B). However, electrodes over the Right Motor ROI showed smaller power decrease than
the Left, especially before target presentation, in the 200 ms time-interval before target appear-
ance (Fig. 2B, paired t-test: p<0.05). Importantly, average differences between the two areas in
this time interval were significantly greater in PD patients than in controls (Fig. 2D; unpaired
two-tailed t-Test: p = 0.016).
Similarly to controls, imaginary coherence in PD increased before target presentation. How-
ever, these values dropped immediately after the target presentation, thus reaching values that
Figure 1. Kinematic measures.Means and standard deviations of reaction time (A), movement time (B),
path length (C), peak velocity (D) and acceleration (E) are plotted for patients with PD (filled bars) and age-
matched controls (empty bars). The stars and the empty circles represent the group mean of patients with
clinically predominant right and left motor impairment, respectively.
doi:10.1371/journal.pone.0114817.g001
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Figure 2. Beta power changes. A and B. Averages of the time courses of beta power changes in dB over the Left (solid line) and Right (dotted line) ROIs in
controls (A) and patients with PD (B). The data were anchored at the time of target appearance (0 ms, filled arrows and thin solid lines). The empty arrows
and thin dotted lines indicate the average time of movement onset (i.e., reaction time, RT) for each group. Negative time values on the X-axis represent the
pre-target interval and from 0 to the empty arrow the reaction time period. Significant differences (p<0.05) between the two ROIs are indicated in the bottom
part of each plot. C. Average of the normalized imaginary coherence in controls (thin line) and patients with PD (thick line). As in A and B, the data were
anchored at the time of target appearance (0 ms, filled arrows). The empty arrows and vertical dotted lines indicate the average RT for each group. Significant
differences between the two groups (p<0.05, nonparametric unpaired t-test with Bonferroni correction) are indicated in the bottom part of the plot. D.
Individual differences of beta power between the left and the right ROIs averaged over the 200 ms time-interval before target appearance are plotted for the
PD patients (on the left) and the controls (on the right). The thick horizontal lines represent the average for each group. The circles and the squares in the PD
group represent patients with clinically predominant right and left motor impairment, respectively.
doi:10.1371/journal.pone.0114817.g002
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were significantly lower from the controls (p<0.05, Fig. 2C) both during the reaction time peri-
od (time interval of 100–200 ms after target presentation) and at the movement onset (time in-
terval of 320–440 ms after target presentation; see Fig. 2C).
We then ascertained whether there was an effect of the clinically more affected side. Briefly,
we found that beta power in the right ROI (averaged over the 200 ms before target presenta-
tion) had greater values when the left was the more affected side (0.140.09 dB) compared to
a predominantly right-side impairment (−0.33 0.10 dB; p = 0.003). For the Left ROI, there
was only a trend toward significance in terms of clinically more affected side (left more affect-
ed: −0.21 0.26 dB; right more affected: −0.670.16 dB, p = 0.07). However, affected side did
not significantly influence both the average differences between the ROIs (p = 0.2; see squares
versus circles in Fig. 3D) and the values of imaginary coherence (p always>0.2). Finally, the
amount of medication (expressed in levodopa equivalents) was not correlated with either
changes of beta power or values of normalized coherence (absolute r always<0.12; p>0.1).
Beta coherence between the two motor ROIs is important for efficient planning of
fast movements
As previously found with a similar task in normal young subjects [9], we expected reaction
times to be related to pre-target beta power. We thus performed correlative analyses between
reaction times and the degree of beta power in the 200 ms before target presentation - where
we found differences between the right and left ROIs in PD. We found some correlation be-
tween reaction times and levels of beta power over the left (both group combined: r = 0.44,
p<0.02) and, although to a lesser extent, over the right (r = 0.36, p<0.05) ROIs, with shorter
reaction times linked to greater beta power decreases. Correlations were still significant when
the analysis was restricted to the control group (left: r = 0.54, p<0.05; right: r = 0.52, p<0.05),
but not to the PD group (left: r = 0.34, p>0.05; right: r = 0.12, p>0.1; Fig. 3A) possibly due to a
range effect. Finally, the values of normalized coherence just after target presentation (where
significant differences between the two groups were found) significantly correlated with move-
ment duration (both groups combined: r = −0.58, p<0.005; controls: r = −0.58; p<0.05; PD:
r = −0.48; p<0.05) as well as with the amplitudes of peak velocity (both groups: r = 0.66,
p<0.005; controls: r = 0.64, p<0.025; PD: r = 0.61; p =<0.02; Fig. 3B) and acceleration (both
Figure 3. Correlative analyses. A. Reaction times (x axis) are plotted against the values of beta power over the left ROI averaged over the 200 ms before
target presentation (y axis). B. The amplitudes of Peak Velocities (x axis) are plotted against the degree of imaginary coherence between the two
sensorimotor ROIs in the period just after target presentation where significant differences between the two groups were found (y axis). In both plots, filled
circles represent patients with PD and empty circles the controls; the thick lines represent the fitting lines on the entire data set (patient and control groups
combined), while the thin lines are for the PD group and the dotted lines for the controls.
doi:10.1371/journal.pone.0114817.g003
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groups: r = 0.66, p<0.005; controls: r = 0.60, p<0.05; PD: r = 0.58; p =<0.025). In other words,
the greater the coherence value, the faster the movement, indicating that efficient planning of
fast movements requires coordinated activity of the two sensorimotor areas.
Discussion
In this work, we characterized the changes of beta power that occur around the time of target
presentation on the electrodes over the two sensorimotor areas during a choice-reaction time
reaching task performed with the right dominant hand. In normal subjects, we found that the
decrease of beta power before target presentation is symmetrical over the two hemispheres.
Moreover, their functional connectivity, measured with imaginary coherence, increases before
target presentation and remains high throughout the movement. In patients with PD, the beta
power decreases earlier over the left hemisphere; coherence, on the other hand, increases with
target presentation - similarly to controls-, but decreases afterwards, in the reaction time
period. The results of correlative analyses further suggest that planning of prompt and fast
movement is related, at least in part, to beta changes over both motor areas occurring before
movement onset and that motor slowness in PD might be associated with a delayed onset of
beta changes over the right motor area.
The pattern of early beta power changes over the sensorimotor areas
Similarly to previous studies in young subjects [9,10,11], we found that the pre-target beta
power over both motor areas was correlated with reaction time: the lower the power, the lower
the reaction time. While early beta decreases over frontal and parieto-occipital regions [9]
might be relevant to enhance alertness, attention, and readiness, the results of beta decrease
over sensorimotor areas suggest that these areas must “emerge” from an idle state even before
target specification. As suggested by the correlation with reaction times, an advanced prepara-
tion of sensorimotor areas would promote prompt and timely responses to task-relevant
stimuli.
Our results in normal subjects further indicate that the level of beta desynchronization before
target presentation is similar over the two motor ROIs, in agreement with a previous report ([4]),
but not with other studies showing that decreases in pre-movement beta power are greater over
the contralateral motor area. This discrepancy might stem from differences in the analytical
approach, the type of task and the age of the subjects. In fact, we performed our analyses using as
baseline the time from 600 to 300 ms before target, on individually selected ROIs (see methods).
However, supplemental analyses using either the entire 3-second epoch as baseline or recordings
only from the C3 and C4 electrodes yielded similar results (data not shown). Another source of
the symmetrical power changes might be the complexity of the movements and task, as it has
been shown that the likelihood of symmetrical bilateral activation increases with their complexity
[7]. In fact, our study required reaching movements to unpredictable spatial locations, a task
generally more complex than those producing preponderant contralateral desynchronization. In
fact, those tasks required simple finger movements in response to visual or acoustic signals in
pre-cued or predictable paradigms. Finally, age might have played a determinant role in the
symmetrical pattern: virtually all the work on event-related desynchronization has been per-
formed in young subjects (with an age range from 20–30 years). Indeed, the rather symmetrical
early beta desynchronization in our controls might be partially attributed to age: in our previous
work in normal young subjects tested with a similar task [9], beta decreases were slightly more
prominent on the left hemisphere, contralaterally to the movement. There only are a few motor
studies, all with simple finger movement tasks, directly addressing the effect of age on either
alpha [41,42] or high alpha-low beta frequency ranges [43,44]. In general, those studies showed
Beta Modulation in Aging and PD
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that, compared to the young, older subjects exhibit a rather symmetrical desynchronization pat-
tern over the two motor areas in the alpha and beta range, suggesting that older subjects need a
more extensive activation than the younger to achieve similar performance levels. Unlike normal
subjects, the decrease of beta power around the time of target presentation in patients with PD
was greater on the left than on the right electrodes. Although present in the majority of patients,
this asymmetry was more prominent when the analysis was confined to patients with more
severe symptoms on the left. Altogether, based upon these results, we speculate that in patients
with PD, a more extensive recruitment–which should result in a symmetrical activation - might
be hampered by an “altered status” or decreased timely access to relevant sensorimotor areas.
The failure to do so might produce asymmetrical activation of sensorimotor areas and ultimately,
might be the cause of slowmovements, as suggested by our correlative analyses.
Activity over the two motor areas must be coordinated for efficient
movements
Our finding that imaginary coherence between the two areas increased at the time of target pre-
sentation further supports the notion that beta activity of the two motor areas is highly coordi-
nated. Since it is not susceptible to volume conduction artifacts and “non-interacting sources
cannot explain a nonvanishing imaginary coherency” [37,40], the imaginary part of coherence
is a highly sensitive method and a good proof of a rise of coordinated activity between areas or
sensors. Importantly, in control subjects, this increase reached a plateau during planning and
this plateau value was sustained throughout movement duration. Other EEG studies, which
did not take into account the temporal course, found that functional connectivity between the
two motor areas generally increased in different frequency bands -including beta- during both
bimanual and unimanual motor tasks of different sorts [45,46,47]. What are the possible ana-
tomical bases underlying this functional connectivity? The corpus callosum provides anatomi-
cal connections between the two sensorimotor areas, as also suggested by the results of
coherence studies in children and young subjects born with different degrees of acallosity
[48,49]. However, other structures, such as the thalamus and the basal ganglia, could contribute
to functional connectivity of the two sensorimotor areas. Indeed, the present findings that in
patients with PD, the onset of beta desynchronization is asymmetrical and the values of imagi-
nary coherence are not sustained during movement execution indicate that basal ganglia might
play a role in functionally linking the two sensory-motor areas. Finally, since patients were test-
ed in “ON” state in their regular medication schedule, the present results indicate that dopami-
nergic therapy cannot entirely restore coherence between the two areas, at least in this stage of
the disease.
Although not symmetrical in temporal terms, involvement of both sensorimotor areas for
unilateral reaching movements must occur at some point during any motor task. This has been
invariably and widely shown in EEG and imaging studies in normal subjects [1,2,3,4,5,6] [50]
and in patients with stroke [51,52]. Why would movements with the right dominant hand re-
quire the activity of both sensorimotor areas? The reasons could range from the inhibition of
muscle activity of the non-moving side to postural adjustments needed by the production of
aimed movement (for a review: [53]). In addition, the work of Sainburg and colleagues (see
[23] for a review) indicates that the two sensorimotor areas might be involved in different as-
pects of motor control: the left dominant would be required for predictive or feedforward
mechanisms, while the right non-dominant would largely control online or feedback processes.
Therefore, the coordinated activity of both sensorimotor areas with reciprocal control is re-
quired for fast and efficient movements. Our present data further suggest that, in older subjects,
for efficient motor planning and control, both areas must be engaged early on at the time of
Beta Modulation in Aging and PD
PLOSONE | DOI:10.1371/journal.pone.0114817 January 30, 2015 10 / 14
target presentation and that this bilateral engagement must be coordinated and sustained
throughout the movement. Our findings further suggest that impaired functional connectivity
between the two areas during the task might cause planning and control changes that are re-
flected in the kinematic characteristics. In fact, in our present results, lower coherence values
corresponded to slower movements. In addition, in patients with PD, bradykinesia, i.e., low
speed movements, seems to result from higher reliance on visual feedback when this is avail-
able during the movement, a problem related to online or feed-back movement control [29].
Based upon the present data, we can speculate that bradykinesia might stem from impaired
functional connection between the two motor areas. Nevertheless, further studies are needed to
prove this scenario right, to delineate the precise mechanisms as well as other areas and circuits
involved in motor planning, execution and control, and to model the kinematic and behavioral
consequences of failures of the system.
Conclusions
Altogether, these data suggest that the planning of prompt and fast movements, at least in part,
depends on coordinated beta activity of motor areas in both sides that should start at the time
of target presentation. They further suggest that motor deficits in PD might be associated with
a delayed onset of beta desynchronization in the right sensorimotor area compared to the left,
possibly due to a decreased functional connectivity between the two areas. We can thus specu-
late that fast movements require the combined activity of the two areas and that the basal
ganglia are involved in some measure in orchestrating this combined activity.
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